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ABSTRACT

We provide evidence and discuss findings regarding intellectual distribution and faculty composition of academi
units involved in the iSchool community. To better understand the intellectual heritage and major influences
shaping the developmeat the individual and collective identities in iSchools, we develop a classification of the
intellectual domains of iSchool faculty education. We use this to develop a descriptive analysis of the
communityOs intellectual composition. The discussion fearseharacterizing intellectual diversity in the

iSchools. We conclude with a short discussion of the potential implications of these trends relative to the future
development of the iISchool community.

INTRODUCTION

Through thispaperwe descrbe and disass he intellectual underpinnings and institutional characteristics
of the faculties of the academic uniis the iCaucusWe do so for two reasonbirst, the academic units who
collectively choose to identify themselvasiSchools represeratform of innovation in thenultidisciplinary and
interdisciplinarypursuit of teaching and research informationrelatedtopics andphenomenaThese types of
units are seen by maras critical to the future of the academy (OFacilitating InterdiscipliRasgarch,O 2005).
The analysisusesthe educationabackgroundof iSchool facultyas a mean$or understanding thantellectual

composition of the unjtusing the doctoral degree earned as a proxinftividualsOntellectual perspectise



Second as members of an iSchool apdrticipants inthe iSchool movementye areintellectually
pragmatic: what trends can wetdct and report regardirtbe disciplinary structuregand hiring patternsf the
faculties that make up the various iSchooM®reover, what do thse structures and patternsean forthe
intellectual geognahy of iSchool® Responses to these questionslilitedy of interest to others in iSchools, to
some other members of intellectual communities that are found in iSchools, and to various agencies a
institutionswho interact with iSchools or might be considering creating an iSchool. Scholars in thegpab
science may be interested in the nature of iSchools as academic innovations, much as is pbsitddaiting
Interdisciplinary Research," (2005)

As seen from theicollectiveweb presenceyww.ischools.orgiSchools present themselves as a thriving,

heterogeneousndinter- or multidisciplinaryscholarlycommunitywho focus on the convergencginformation,
computing and thé roles in human and social experiench. also seems thaiSchools demonstrate a
meaningfully different academic focus from intellectual Onemighbor®in the academy such as couter
science, information systems, science and technology stuatlasationand communicationand otherge.g.,
Constable & Richardson, 2009; Wiggins, 20@udin, 2014).

To advance ouposition the paper continues with a discussion of the motivation for the research and
summary oforior empiricalstudies of the iSaols. We then present thesults of our currergnalysis of the types
and distributios of doctoral degrees held lfgculty membersatiSchoobk. To do this we develop classification
of iSchool faculty members@cademicdisciplinary training and educatigndepict academic disciplines by
iSchool, and discissseveral patterns of variation across iSchool faculty. We concludiésbysing implications

for the community anésues for future attention

MOTIVATION

There is asteadilygrowing stree of research regarding interdisciplinary scholarship and the emergence
of new academic entitigg.g., Sugimoto, 2011Abbot, 200). These issues are perennial topic of interest in the
sociology of science (e.gSmall, 1999) The nature and implications of interdisciplinary research, relative to

projects, doctoral training, and the creation of new acadenits draw scholarly attention from a range of
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intellectual communities (e.¢klein, 1990; Golde, 199; Karlqvist, 1999)And, there has been specific interest in
interdisciplinaryconnections among library, informatiocommunicationsand otheifaculty for at least 20 years
(e.g., Horn and Lee, 1989; White, 299

What are iSchools?

The iSchools are members of the iCaucus, the officiaganizational entity enfolding thisetwork.
Membership in the iCaucus was initially by invitation, with the founding group of schools contributing fairly
substantial membership fees in the first few years of the iCaucus. In late 2008, the iCaucuacsptaty new
member schoolsBy 2011, membership involved relatively low annual fee and a brief applicati¢subject to

approval by current memben®) confirm the membership criteria:

O'he iSchoolgake it as given that expertise in all forms of information is required for progress in science,
business, education, and culture. This expertise must include understanding of the uses and users
information, the nature of information itself, as wellia®rmation technologies and their applications
Criteria for being recognized as an iSchool are not rigid, but schools are expected to have substant
sponsored research activity (an average of $1 million in research expenditures per year oveatbyee y
engagement in the training of future researchers (usually through an active, resesarteld doctoral

program), and a commitment to progress in the information @efdttp://www.ischools.org/site/joyn/

Faculty members aSchools engage in admd range ofresearchand he academic programs at iSchools
have courses thatlraw onfindings, models, theories, techniquasd problemsfrom intellectual communities
such as(applied computer sciencesommunication, the humanitiethe social sciencesengineering,design,
education, information science, policgnd library science, among othdisciplines. ThematicallyjSchool
research activities and academic progragmcally focus on some combination of people, informatiand

computing across a wide variety of organizational and social contexts.

Historical Roots of iSchools

The emergnce of iSchools appestio be aresult oftwo largerscale trends. First, theretise growth of

computing anincreasingpresence and reliance digital information and related information and communication



technologies (ICTwhich transcend angingle area of study(such ascomputer scienge Second,changs in
library-oriented professional preparation programbich beganin the 19800s when several kstgnding
programs closed or ceased to maintain their accreditation. Hildreth and Ka@aR)documented the prevalent
survival strategies fotheseschook. merges with a larger partner or expsion into ICT-related fields(e.g.,
Aspray, 1999;Buckland 2005; Grudin2011b;Rayward 1985. Severalbf theoriginal iSchools were represented
by Hildreth and Koenig (2002%s mergers or realignments pre-existing library programs Two founding
iSchoolsreflect successfuhcademic mergerfutgers incorporatetts library programwith communications and
journalism andUCLAOs information studies program partnered with educabtrer library programswere
organizationally realignedr aggressively expanded their studies relatedlGd; these includeBerkeley,
SyracuseandMichigan

Reflecting the expanding interest in computing and digital informatmmrentiSchoolsat Penn State
Washington,and Indiana(lnformaticy were recently formed in orderto bring together scholafsom several
disciplines interested in IGTelated phenomenandto expand the host universityOs preséndais intellectual
and educational spac8till others, like Irvine, Georgia Tech, and Carnegie Mellon, exenithe scopeof an
existing academicprogram.More generally as discused below, it seemsthe intellectual background of an
academic unit isnfluenced by the structurgsistories and currentinterests of theuniversity in which each

iSchoolis embedded
Community Identity

The iCaucus was chartered in 20@md thefirst annual iConferencewas that year. A workshop
organized independently of the iSchools movement, held in 2004 at Indiana UniversityOsof thifegmatics,
may be considered forerunner of the iConferencesnd, the iConference nowerves in part as a venue for
reflection by the members on the efforts of the whHdlarmon, 2006; Tyworth & Sawyer, 2008)sueswith
formation ofa community identityfor (or of) iSchoolscontinuegto inspire conference papeiat the iConference

(Annabi, Fisher, & Mai, 2005; Leazer, 2005)



iSchool dentityremainsa challengeThis meansSchools must constantly articulate their value and vision
to attract faculty.Likewise, iSchool graduates must articulate the identity and value of their interdisaiplina
studies to secure employmeasthey cannot rely on tradition to frame their identfyrther challenges identified
at the 2005 iConference pertathto the development of the scholarly community from the perspectives of
publication, funding, and intdisciplinary research effor(@yworth & Sawyer, 2006)These concerns are echoed
in the writings ofother recently establishedtellectual communitiesuch as AfricarAmerican studies and
Information Systems whereconcerns ovemstitutional legitimacy frame the development othe communities®
identity (Small, 1999 Lyytinen & King, 2004)
Interdisciplinarity

The iSchools can be considered multidisciplinary environmasgtshey are home to academics from
multiple disciplinary backgroundsThis type of environment cdoster thepursuitof interdisciplinaity through
the integration of multiple domains of study (Beghtol, 1995; Klein, 1990; Karlgvist,; 19668llo et al., 2003
Avison & Ein-Dor, 2007) More broadly, mterdisciplinary research geen adoth challengingxisting university
structuresand increasingly imperative to addressing many intellectual, social and practical problems1@98in
OFacilitating Interdiscijmary Researdh, 2005 Developing a better understanding of the factors that ddowr
supportinterdisciplinaryacademic endeavors to survive and thrive is in the interest of both the iSchools and thi
broader scientific commnity as a means of insight into cultivatimgerdisciplinaryresearch

Doing stronginterdisciplinary research requires scholars to recognize both the importance of academi
disciplines and the effort it requires to stand among or between them. Academic disciplines are enduring soc
institutions that provide both normative and reguastructures which shape and guide participgAtsoott,
2001; Kuhn, 1970)Academic disciplines are powerful social institutions that frame oneOs education and trainin
in fundamental and stematic ways(Becher, 1989; KnofCetina, 1999 Turner, 200Q. Still, academic
disciplines are malleabBthey evolveband individuals retain the ability to not adhere to the discipline®s norms
and rulesthoughoften at some personal cost).

Our interest here is not to review the forms, evolutions, roles and structures of academic disOiptines.

focusis tothe iSchool phenomenoifhus, we defedetailed discussi@of the literature on interdisciplinarity
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others(e.g., Ackoff (1960); Piaget (1973)Klein (1990) Qin, Lancaster & Allen (1997)Weingart & Stehr
(2000) andLattuca (2001)) We note only that disciplines matter because they create and legitimate boundaries
among scholars and scientists. The differentiating force of these boundaries are refldeddnds of questions
being asked by scholars; the ways in which scholars seek and represent evidence, claims and insights; and
nature of what is knowledge.

Doing interdisciplinary researctequiresunderstanding the variations in disciplinaryrstards regarding
these issues: it means remaining connected to disciplines. This connection is the means by which knowledge
shared across disciplinary bordefse attribute of doing interdisciplinary reseatbht is the focus of this study
is bringingtogether scholars from different intellectual traditions, with the degree earniedibiglual scholas
used as a proxy measuretbésedifferences. Faculties with a range of degrees among the members are typically
seen as being momaultidisciplinary. This, in turn,fostersthe possibility of doing interdisciplinary worky

integrating knowledge from different disciplines

STUDYING ACADEMIC UNITS

The intellectual composition of an academic unit haditionally been studied by examinimgademic
hiring patternsnd this isalso recurring topicof research in the sociology of scienthese studies typically focus
onthe role of intellectual pedigree and acadepriestige, a form of social capital derived from networks of social
exchange andissociation €.g., Burris 2004). Collectively, these studiemake it clear that in longstanding
academic disciplines, changes to the social structure are slowliended towardgrestige stratification, or
hierarchical distribution of power and wealtbcarding to institutional prestigge.g, Bair, 2003; Burris, 2004;
Baldi, 2005).

Particular fields have also (with varying degrees of-eeifsciousness) focused on hiring patterns and
reflective analysigegardingintellectual geographies, prestige ardhtfication. These studies shavat when
hiring is based on criteria such as prestige instead of -lveséd criteria, such as scholarly productivity, there
may be potentially detrimental effects to the field in the forngrefater stratificatiol with no clear scientific

benefit(Bedeian & Feild, 1980; Hunt & Blair, 1987)hese studies of academic hiriimglicatea PhD prograr®s

6



prestigeis more relevant to pogthD job placement prestige themoneOscholarly productivity at the time of
graduation And, while scholarly productivity has little influence on hiring, hiring has a strong effect on scholarly
productivity (Long, 1978; Long & McGinnis, 1981)

One legacy of disciplinary structureskisown asGacademidnbreedingOFor examplefor faculty hiring
in finance, the majority of new hires in the top ten programs were graduates of those same top ten prograr
(Bair, 2003) In sociology, much like political science and histodgpartmental prestige was tleffect of a
department's position within PRBiring networks(Burris, 2004) The prestige of the Phigranting sociology
department was found to be the strongestraetent of the prestige of initial job placemefBaldi, 1995) In
managementthereis evidence of extensive crebiring among the top graduate programs and a preference
among hiring departments to choose graduates from departments with similar prestige rankings as their o
(Bedeian & Feild, 1980)Thispattern is also seén the field of biochemistryLong, Allison, & McGinnis, 1979)
where preemployment productivity was found to confes significant advantage in job placement. More recent
work confirms the continued correlation between academic departmentsO rank and centrality in academic hir
networks, identifying the competitive advantage of top institutions as a potential caube fetagnancy of
academic program rankingldevenstone, 2008)

While these studies lay the groundwork ¥einat we report herehey suggest why, imature academic
disciplines changecan beslow to permeatexisting institutional structure By contrast, the iSchoolare an
emergent, loosely couplednd multidisciplinaryacademic community. As yet, there is littlistory of, much less
scholarly research ¢tthe iSchool communityAnd, recent work demonstrates how errors in sampling for such a
small academic community mdead to misrepresentations of the member institutions, particularly for uncertified
data (Chen, 2008) As a venue for gomunity development among members of the iSchools Caucus, the
iConferences have generated a few-sefledive studies from the community. ddt of thesepiecesare either
conceptual or anecdotéfnnabi et al., 2005; Mon & Rice-Lively, 2006; King, 2006; Leazer, 200550me
represent histories in the makif§ruce, Richardson, & Eisenberg006; Thomas, von Dran, & Sawyer, 2006)

Little of the discoursén these papers focusimg the iSchools as a phenomenom@sed on empirical data.



One such empirical work is Wigging@007) study of hiring patterns in the iSchoolBhis research
compared the structural characteristics of faculty hiring in iISchtoodBomputer Science departments. A central
finding from that study i®xpanded on here and in more detail beltve disciplinary diversity of the iSchool

communitywas evidenin 674 faculty PhD degreeafistributed acros&72 areas of study.

CURRENT WORK

The work reported hereextendsWiggins®(2007) analysis ofiSchool®hiring by focusng on variations in
disciplinary trainingfor faculties inthe iSchool community. In this section, we describe the research methods,
including data collection, classificati, and measurement of interdisciplinarity.

Methods

We categorizé and analyzeé the doctoral degrees of the faculty at iSchools, using the degree as a proxy for the
holderOs researttaining and intellectual communityThe population for this study is tHell-time doctoral
degreeholding faculty of units who were participating the iSchools Caucus as of January 2009. Analyaing
specificcommunity necessarily requires purposeful sampling in ordgattoer data regardirthe phenomenon of
interest. Thus, this selection excludes those schools which may bdestified as information schools in name

or mission, but which have not joined the iCaucus

Data collection

Data were collected from tHaculty listings on 21 iSchooiseb sites as of January 200@nuary was chosen for
data collection so thaach iSchoohadtime to update thewwebsites with faculty changes for tleeademic year

The sampling unit is the iSchool as named in its affiiialisting on the iCaucus web sitasthe focusof the
studyis on the institutioras represented by thedividuals that comprise.ifNot all iSchools haveepartments

while others dotherefore we relied on the explicit affiliations anchose noto sampleat thesub-unit levd. This
decisionhas consequences for the analysis and reporting of findkegsexample, UCLA would appear very
differently if only the InformatiorStudiesfaculty were sampled, as would also be the case fangréeorgia

Tech, andRutgerswere only one department included in the sample.



Faculty roles are variously definatldifferent schoolsFor exampleroles such as OlecturerO or Oassociate
in information studiesO are not necessarily representative of théetomgntellectual investment in academic
expertise that our analysis targets. In additmrofessor emeritare more representative of the piidentity states
of a school than its current state. For these reasons, only curretintuilprofessorial facultynemberswere
included in the sampldhesefaculty membersvere identified by standard academic titles of professor, associate
professor, asstant professor, associate dean and d€arihe extent possible, clinical professors, assistant deans,
visiting professors and research professors were not counted.

Forthe analyses presented below, we needed to knodetiree name argkpartment or $wol granting
the current iSchool faculty memberOs terminal dégmdest of ths datacoud be foundon the iSchookO
websites The rest were drawfrom the Proquest UMI Dissertation Abstracts database, faculty web pages, and
faculty vitae. Complete dataereretrieved for 76@®f 769 faculty memberat the 21 iSchoolas of January 2009
Classification

The areas of facultfrainingwere coded intmine broad digiplinary categories ashown in Table 1Any
categorization is a coarse and partial view of wide variability in faculty training and interests, even an
imperfect coding scheme can provide insight. For this reagerarticulate here our classification effort by first
noting that hese categories are based on logical groupings of related fieldtuaf, modified from the
Classification of Instructional Programs (CIflorgan & Hunt, 2002)Building from the CIP, we combined
similar degree areas into broader codas. example &Computinddencompasses Computer Sciengtectrical
Engineeringand Mathematics. This grouping is premisedtheunderstandinghat Electrical Engineering and
(applied) Mathematics are precursors of agsk in Computer Scienc#&lany of the iSchool faculty with these
degreesvere trained in various aspects@omputingObroadly conceived.

The distinction between OinformationO antibr@ryO studies is less cleduilding from informal
guidanceof colleagues, we consider@ommunicationinformation and Library Studi€to bean OnformatiorO

degree due to the ambiguity stemming from the ditierifields in the degree namellAdther instances where

! These data were not entirely consistent in granularity (e.g., any or all of degreedegarement or school might be available) but the
potential error introduced by this was reduced through abstraction in the process of classification
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OlibraryO occurred in tiRhD degreename were coded as Library degrees While scholars of different
backgrounds may receive degrees with the same name, it is impossible to distinguish in which category a giv
faculty memberOs educational experience may betberséid on the degree names alone.

INSERT TABLE 1 HERE

Table 1: Classification of disciplinary areas for the 2009 iCaucus.

The Gocial & Behaviorad categorincludes psychology, sociology anathersocial sciences. Economics
is grouped with law, busise and management in t@danagement & Polic@categorybecause # methods and
applications of economics research in many iSchools are (arguably) more congruent with policy and strategy th
those ofthe behavioral andocial sciences. Th@Science & EngineeringO category inclysiesical and fe
sciences statistics and engineering(excluding electrical)are less common, but also includddere The
Humanitie©category isdominated by historiansgveral ofwhich specialize in science and technology studies,
as well as scholars of literature, who are most commdpcabiols with longstanding library programs.
Measuring Interdisciplinarity

Our operating premise is that each iSchimibws its own particulastratey to build a strong faculty
SomeiSchoolsare highly specializedvhile others are highly interdisciplary. There isan extensive literature in
scientometrics applying bibliometriand social networkanalysistechniquesto measure interdisciplinarity
including betweenness centrality, Shannon entropy, Gini coefficient, aneSRaiting measured_€ydesdorff&
Rafols, 2011)The data in this study amoorly suitedfor network measures such as betweenness centnadity
are theyratio variables that can be modeled with Lorenz curves for the Gini coeffiEi@nthecategoricaldata
we collected,the Shannoninformation entropy measure is a more appropriate ch@®mannon, 1948)
Information entropyprovides ameans to represent thléversity in areas of subject specializatlon applying the
calculation-f log(f), wheref is the percentage of the faculty in a given area of expertise, summing these values fo
each discipline represented in a school. The information entropy measure provides a single index value tl

summarizes tth the number of disciplines represented and the distribution of faculty between them, indicating
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distributional redundancyl.he sample is also small enough that size effects are not a substantial candtre

datashowthatlarger schools arkess interdisciplinarycontrary to what mighte expeced

When the information entropy calculation is applied to the percentage of faculty with degrees in eac
disciplinary area and normalized t@-acore, the resuls aQOnterdisciplinarityscoreOThe score ishighe for the
most interdisciplinary schools and lowfr schools with a very strong disciplinary foc(es reflected in the
subject areas studied by their faculty school with equaproportionsof faculty in each of five areas therefore
has a higher entropy value than a school with 80% of faculty in one area and 5% of faculty in each of four are:
For the values shown in the findings, the original information entropy values were inverted Bighhatlue
scores correspond with high interdisciplinarity and low scores with low disciplinary divérigigwise, usingz-

scoresprovides a way to reporélative value range

Limitationsof this approach

This work is limited by itsuse of secondary data sourc€sr premise ighe iSchoolsO web sitese a
windows into the institutionsome of these imdows remain more@paque tharothers This canlead tothe
situationwherean apparently large change in faculty composition may represent better information rather tha
substantial change. Another issue related to data qualitiie representation of faculty on a web sker
example arelatively largechange at Penn Statetween 2007 and 2008flects a change ithe schoolOs choices
of faculty relatioships to list on their web sitascourtesy appointments are now more clearly distinguished from
full-time faculty.

The faculty PhD degree subject area is used here as a proxy for intelie¢tnasts and domain
expertise Current faculty research, however, may be substantially different from doctoral training with respect tc
the focus and intellectual audience foe twork. This noted the domain of faculty training representset of
long-term intellectual resources that are not diminished by the evolution of individual research. G@aters
selected labels fazurrentfaculty researclareasare sadiverse and inconsistent between institutiango beeven

moreproblematic as a basis for comparison.
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Taking theindividual iSchools ashe unit of analysiss also challengingastheir boundaries areariously
defined across different institutional\@mnments.Some iSchooldave distinct unitswhile othersdo not.The
iSchoolsvary in size and degrees they offandare found in both public and private institutions.

Additional limitations of these data are related to the dynamic nature abthmunity. Since th data
were gathered in Janua®p09, several new iSchools have become members of the iCaucus. Many of these ai
institutions outside of North Americarimarily in Western Europe and Asfayrther diversifying the community
as a wholeTherefore, the data in this study represent a snapshot of the iSchools community at an early stage

development, judbllowing theacceptance of thiirst new members since the founding of the iCaucus.

FINDINGS

We report oufour sets offindings, beginning with theggregate disciplinary composition of the iSchools
at the level of the communityVe then examin¢he general trends of faculty changes betw@8607 and 2009.
Next, we definefour subgroups of the iSchoslcommunity based om qualitative clustering the iSchools
according to their disciplinary makeyps noted above). We conclude béyamining faculty interdisciplinary
diversity at the level of individual iSchools.
iSchool Community Composition
In Tablel we summarizethe disciplinary makeup of thiSchoolsfaculty in 2009 Doing thismakes cleathat, at
the aggregatezommunityd level, the largest number of facidhare a computing backgrourithe total number
of computingtrained faculty is equivalent tthe sum of the number of faculty trained imformation sciences,
library, and social & behavioral sciences.

INSERT TABLE2 HERE

Table 2: iSchools’' intellectual demographics in 2009.

These data, shown by individual schools in TaBlJemake clearthere arelarge variations in the
compositons of the faculty acrogheseschools For example, the dominance of computing in the overall picture

can be attributetb large numbers of computer science faculty from Georgia Tech and, iwimef the largest
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units in the iCaucus. Likewise, the strong representation of communication is largely due to the presence
Rutgers Similarly, UCLA is responsible for the pranence of educationrComputingaside, there is a fairly even
distribution of scholars ifive additionalareas for iSchools: management & policy, information, library, science
& engineering, and social & behavioral studi€ven their representation acsosany of the iSchool faculties,

we considerthesesix areas OcoreO intellectual aspects of iSchools.

As seen in Table 3,emoving those iCaucus schools that héwenal computer science departments
providesa differentinsight into thiscommunity. When we remove the iSchools that hawe-thirds or more of
their faculty fromComputing(Irvine, Georgia Tech, and Singapqgredmputer scienceemains the largegfroup
of faculty, buby only a few percentage points. When wamovethe iSchools that have ovkalf of their faculty
from Computing(Irvine, Georgia Tech, Singapore, ahdliana Informaticswe find thatinformation, Library,
andSocial Sciencedominate, with Computinged for fourthplacewith Managemen& Policy. We also see less
representatiofrom Science & Engineeringyhile all other fields remain stable or increas@iiaportion,yielding
a slightly more even distribution across the fields.

INSERT TABLE3 HERE

Table 3: Community composition without Computing outliers.

Changes in Faculty Composition
The differences between the 2007 and 2009 data provide an oppottunigkesomepreliminary observations
about changes in faculty size and composition. The inclusion of two new iSchools increased the total by ¢
faculty memberswhile 30 morefaculty additions were made by the 19 founding members of the iCaraissg
the 2007 total of 673 academics to 769 in 200% losses and additions at each iSchslwbwn in Figure 1seem
to represent the normal changssan active intellectual space.

Beyond growth, we see three systematic patterns of ctamnges these two years: (1) increased numbers
of faculty with degrees in information, (2) decreased numbers of faculty with degrees in library, and (3) increas
numbers of faculty with degrees in computiRglative to 2007the iSchools had1l morefaculy in information

and 15 fewer librarfaculty represented among tliitial 19 iSchoosCfacultiesin 2009 As we have noted, the
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number of faculty withComputingdegrees igrowing, but mostly through the addition of schools with large
numbers otomputing faculty on staff
INSERT FIGUREL HERE

Figure 1: Change in number of faculty from 2007 — 2009. Asterisk indicates dean change.

Clustering iSchools by Similarity

Examining the iSchools by the proportion of faculty from each discipline sallsvwo qualitatively cluster
the schools based asimilarities. The process ofnductively clustering the schoolsvas based oremergent
heuristicsthat reflect the most dominantcombinatiors of disciplinary areasThat is,we considerdisciplinary
areaswhere 10% or more of the schoolOs facultgmbersare included using 10%as apracticalthresholdfor
comparative purposedhis conservative approaateducel the spectrum of interdisciplinarityput it provides a
meango focuson the most obvious similaritieerossschools.

Clustering the schoolsvas achieved by iterativelgrouping them according to similarities in the
disciplines represented in the faculty and the relative percexédaculty ineach discipline. For example, one
group of schooldas the distinguishinfeature of faculties with at least 8086mputing degreeswhich was
markedly different from all other schoolBhe relatively small number of iSchools allowmasito group the into
four clusters based on similaritiés patterns offaculty degreesas shownin Table4. We call these fouthe
Compuational Sciencecluster, theSociotechnicalcluster, theLibrary and Information cluster, and theéNiche
cluster. Wefurther divide schools in thelLibrary andInformation cluster into alibrary subcluster and an
Informationsub-cluster based on throportionof the schoolsfaculty fromthesespecific subject areas.

INSERT TABLE4 HERE

Table 4: Inductively generated clustering heuristics.

From our similarity-based clusteringwe identify some initial patterns. iSchools in t@mputational
Science clusteiseemdeeply invested in Computing artience & Engineering 80% of the faculty inthese

schools earned their doctorate in onahafse two areas. e iSchools in theSociotechnicalcluster combine
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computing with at least three fundamentally social areas of stadyogetherthese areasmake up atdast 70%
of their faculty. The ighools in theLibrary andinformation clustehavefrom 50%- 77% of their faculty trained
in Information, Library,or Humanities In most caseshese iSchools® facultids notseem to be dominated by
these core areas to the extent that is observed iBahgputationalScience cluster or th8ociotechnical cluster.
Niche iSchoolsseem to showcase both a diversity of backgrounds and perhaps hint at a variety of future patr
We nowdescribe each cluster individually

The ComputationalSciencecluster members, shown in Figu2é each have fron60% to 80% of their
faculty from aComputingbackgroundScience& Engineeringis the sole additional area of study with more than
10% of the facultyTogether, these two areas of study compitisen 80% t093% of the faculty at eadbf the
institutiors in this clusterNotably, however, thanalysisin the findings abovalemonstratedhat this entire
cluster is eliminated when we omit iSchools with 086% of their faculty from Computing.his shows both the
strength of withirgroup similarity for these members and the degree to which they may be conditferedtin
comparisonwith the other clusters.

INSERT FIGURE2 HERE

Figure 2: Computational science cluster composition.

In the Sociotechnicakluster, shown in Figur8, areschools with a sigficant investment in computing.
Faculty fromComputingcomprisefrom 24% to 40% of the faculty. In addition, these schfalsulties represent
at least three additional disciplinary ar¢latreflect upon social phenomena, mostly in the categorieSdoial
& BehavioralstudiesManagemeng& Policy, Library, andInformation. For these schools, no more than 34% of
the faculty memberare from the combinedlibrary andinformation ares. All but one of the &ciotechnical
clusterschoolsoperats an ALA -accredited MasterOs progréBerkeleyceased offering an MLB 1994,
INSERT FIGURE3 HERE

Figure 3: Sociotechnical cluster composition.

2 Eachof the Rgures 25 includes a panel for each discipline represented at greater than 10%, listischtols in the cluster along the
vertical axes and showing the proportion of faculty in each field across the horizontal axes.

15



The iSchools in thelLibrary andinformation clusteseeFigure 4) display more variatiormamongone
anotherthan theschools in theprior two clusters Eachof the schoolsn this clusteroffers an ALA-accredited
MasterOs degree. Computing is only represented at half ostihesss where itcomprisesio more than 16% of
the faculty The combination of.ibrary andinformation faculty howeverranges fron39% to 76% of the total
number of faculy for each school. While a handful of other disciplinary areas appear along with the primary area
of Library andInformation, representation from thiumanities is more common in thgtusterthan othersThis
is likely attributable to the presencefa€ulty whose studies in literature are more closely related to librarianship.
When Humanitiesscholarswere added to thdnformation and_ibrary areas, these areas accedrior 50% to
76% of thefacultyin these schools

Schoolsin the Library and Information cluster have a consistent focus, but the degree to which the cor
areas oL ibrary andinformation dominate the schoolOs intellectual makeup véves$urther divide thisluster
into two smaller clusters, but not along tb@mewhat ambiguoudivide betweerLibrary versuslnformation
Rather the division isaccording to the overall percentage of the faculty in these two areas combined with
Humanities as some of thefaculty membersin these schools have backgrounds in ditere (typically in
combination with MLS degrees)he distinction made here is based oneahwmirical bimodaHistribution of this
summedvalue.Dividing the schoolsn this manner would yield kibrary sub-cluster with North Carolina, Texas,
and lllinois, all of which have rare than 70% of their faculty in these threeaagrevith an average of 75% he
second group forms dnformation sib-cluster containing Washington, Florida State, Indiana SLIS, Toronto, and
Maryland with an average of 56%Despite the naming, faculty with degrees in thibrary area are more
common than those witthformation backgroursiat both Washington and Florida Statdée overall proportion
of these three fieldss lower thanat schoolsin the Library sub-cluster,howeer, and the overall diversitof
faculty at schools in thimformationsub-cluster ishigher.

INSERT FIGURE4 HERE

Figure 4: Library and Information cluster composition.

16



Finally, the Niche clustefseeFigure5) contains all théSchoolsthat do not fit into theComputational
Science Sociotechnical or Library and Information clustersThese schoolsare not dominated by either
Computingor Library faculty. In Niche iSchoolsbetweenl16% and 19% of thefaculty memberscamefrom
Social & BehavioralStudies. Three of the five schools with the highest representatibfanfdgemen& Policy
scholars fall into this group, as do the schools with the single highest proportions of fadctdmmunication
(Rutgers),Education (UCLA), andScience & Engineering(Penn State)Half of these schools offer an ALA
accredited MasterOs degree, although all have less than 10% representa¢iaibrary area. A Syracuse and
Rutgers, more facultfnembershave arinformation degree, and the combined peragmiaf faculty fromLibrary
andInformation at these schools is substantial, at 31928#6, respectively. UCLAOs iSchbels a predominant
Educationinfluence Singapore represents an interesiNighe case, as its the onlyschool in this cluster with
more10% of the facultyn Computing This means that Singapdeesimilar to Georgia Tech and Irvineutwas
not placed in th€omputationalScienceclusterbecause SingaporeOs additional focus is primarMainagement
& Policy (specifically, Information System$ instead ofScience& Engineering.Singapore is the only Niche
cluster school that is affected if we omit iSchools with greater than 50% of the/facGlomputing.

INSERT FIGURE5S HERE

Figure 5: Niche cluster composition.

It appears thataeh of theNiche cluster schoolplay auniquerole inthdr local institutionOs intellectual
community Each provides intellectual specializatiansareas that are not strongly represented in other schools
or combire their strongest areas with a unique set of secondary fields. A simple explanation for thes€school
distinctive intellectual profiles is one of local logics; veeispecthat the hinng decisions at these schools were
made largely independently of isomorphic influences from other iSchawisreflect strong institutional
influences from their local university environment
Interdisciplinary diversity

As notedpreviously the information entropy measupeovides a means for evaluating and comparing the

diversity of facultytraining representeth each iSchooviz. other iSchools, shown in Tabk Recall that he
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information entropy measure does not discriminate by category, so two schools with the same diStfibution
example,80% of faculty in one discipline and 5% fafculty in each of four other disciplingswill receive the
same score, regardless of which figvere areasare represented in each school. While schools with faculty
representing a larger number of areas of study will typically appear to have greatdisdignarity, the
sensitivity of the measure to distribution can be seen in Tglds fiveof the iShools each have faculty from
nine areas of study, but are not all listed among the most diverse: UCLAOs position reflects a rather extrel
distributioninequality due to the large number Educationfaculty. Rutgers is similarly positioned lower in the
relative scale due to the predominanceGafmmunicationsfaculty. In this respect, the information entropy
measure is very effective for identifying sch® where the majority of faculty come from one or two areas of
study.

Thereis significant variation amonigchoolsrelative tothe diversity of facultyexpertise SomeiSchools
have chosen to pursue a rich but narrower focus, such as the Universityrtbf Garolina whose faculty
backgrounds arenost strongly centeredn library and information studies. In contrast, schools such as the
University of Michigan have a broadly interdisciplinary facultith represatatives froma range of intellectual
communities

INSERT TABLE5 HERE

Table S: Interdisciplinarity, measured with information entropy scores.

The entropy measure calculated on the faculty areas of study seems to support this interpretation. Flori
State and Drexel stand out with thigghest scores, indicating the most even distribution of faculty across the full
range of disciplinary areas their schoolswhile Georgia Tech and Irvine cluster together with the lowest scores,
indicating the greatesbncentration withm disciplinary areas represented.

The largest schools in terms of the faculty size are among &se itderdisciplinary based on the
information entropy measur@&his islikely an effect of thdocal evolutionary trajectory of these schools, most of
which arerooted ina traditional disciplinarjocus At the other end of the scalbe midsized and more diverse

iSchoolsrepresent group thats aggressively expandirigto IT-related areasSome are doing so liyroadening
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from a longstanding academic basn library sciencesuch as Michigan and Drexel. Others, like Penn Siade
Indiana Informaticswerefounded as iSchools.

It appears the clusterinigom the previous section is meaningfu(lyut not perfectly)aligned withthe
entropymeasure However,because it is sensitive only to distributions and not categories, entropy cannot fully
validate the classification generated by the clustering proEessh the Library and Information cluster, schools
in the Information sweluster all show higher intestiplinarity than schools from the Library saoluster.
Likewise, Computing cluster schools are among the least diverse, while schools in the Sociotechnical al
Information clusters are among the most divelBehe cluster schools are distributed alongehtropyscale

Dividing the iSchools usinghe middle range ofz-scores(at zerd, onethird of the schools fall below,
which we call GFocuse® and twathirds lie above,and which we labelDiversified.O The&ocusedschools
include all of the largest institutiorend those with the fewest areas of study represented on the fablalty.
Sociotechnical or Information cluster membarsin this grouping several represent the traditional disciplinary
departmental structure ahore established fields. Th®iversified schools, on the other hand, include no
Computing cluster members, and all have faculty from at least six areas of/Astuolyg these schools, Rutgers
and Indiana SLIS are notable for their positioning relative to the number of disciplines represented. As discusst
Rutgers has a lower placement due to the large numb&omimunicationsfaculty, but also has the largest
numter of faculty among th®iversified schools This indicaes hat RutgerOfaculty is fairly evenly distributed
among the schoolOs other seven disciplines. Similarly, Indiana SLIS has a smaller faculty size and fev
disciplines represented, btheir faculty is more evenly distributedmong disciplines than either lllinois or
Berkeley.

If we remove tle schools that are heavily dominated by Computing faculty (Irvine, Georgia Tech,
Singapore and Indiana Informatics) thetler of the schools is unchangdulit the zero point for thescores is
shifted, falling betweeMaryland and Toronto instead Berkeley and UCLAThe change in zero point is greater
than the number of schools omittéddicating that these are indeed substartiadlifferent than the rest of the
iCaucus schoolsUsing the same logic as before for categorizing Focused and Diversified iSdradblsf the

schools ard-ocused and half are Diversifieckeating a more even distribution. Calculating an egtsmore for
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the community as a whole verifies this observatiaith an increase in communitgvel interdisciplinarity of
13%.

Finally, the presence a@hundergraduate degree programs is fairly consistéttt high or low measures
of interdisicplinarity. iSchools with moderate levels of interdisciplinarity are typically those without
undergraduate programs. Alle Computing cluster schools have undergraduate programs, as do nearly all of th
Sociotechnical cluster schools. Lily and Information cluster schools are much less likely to have an
undergraduate progranin general, thisseems congruent with the traditional library school format, whare

accreditedyraduate degreis required for professional employment in most library settings

DISCUSSION

The individual iSchoolsO histories and development trajectdeemnstratediversty vis-a-vis the
schoolOs intellectual heritage and their facultyis diversity showcases thbreadth and richnessf these
interdisciplinaryenvironmentsHerewe discuss these rootgflect on the trajectorieandspeculate otthe future
developmenbf the iSchools community.
Intellectual Heritage

Building from these finding#t seemsthe processes of organizational emergence are one source of the
communityOs inllectual breadth. For iSchoolwho have faced, or ardacing mergers or institutional
partnerships, the prior identities of theonsorts remain at least partially intact. Tiyige of outcomes likely the
resultof institutional and disciplinargultures strateges physical location, accreditationlitical andeconomic
factors reflecting the suitability of amstitutional arrangements perspectiFer this reasorwe would expect to
seethe intellectual heritage and local institutional arrangemenatther tha some collective iSchool identityo
be the strongest forces shapiSghoolsthat have recently experiencedbstantial structural chang&samples
of these rearranging institutional structures are reflected at Rutgers, UCLA and more recently at Florida State.

Similarly, examining the iSchools based upon the areas of greatest concentration in tfamihyg
suggests there Bvidence othe influence of Olocal logicsO on their development. That is, the form and shape o

an iSchool has more to do with responding the localinstitutional environmentthanit has to do withany
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defining characteristic oshared intellectual identity across iSchools. Gneh example is Syracuse, where the
strategic decision of a former Dean to establish degree prednamformation Managementnd Information
Policy has yielded a faculty with orthird of its members from lanagemenor Policy backgroungdwith greater
subdisciplinary diversity within thge categoriethan elsewhere. This local logics argumalsbhelpsto explain
the wide variations between iCaucus members, seen in such iSchdaa®m, where thélumanitiesmake up
alargerproportion of facultythan elsewhereand Penn State, v has invested iBcienceandEngineeing.
Intellectual Agenda

This intellectual diversityamongiSchoolsis undoubtedly a result of many factors playing out over time.
The current faculty compositisnarethe accumulation of these events as manifest in hiring decisions that
represent a dynamic combination of organizational history, current identity, amd &rhbitions, to which we
now turn our attentionmplications for the future of the iSchools suggested by this descriptive arsdgsistied
to each unitOs fortas viz. the local institutiorThis noted, collectively we observe the iSchamstinuedhiring
faculty during economigecession These schools hadrongenrolimentswhen declining enroliments is a matter
of increasingconcernin the adjacent fields of Computer Science and Information Sys{€msbrow, 2004;
Lenox & Woratschek, 2003.omerson & Pollacia, 20Q&\vison & Ein-Dor, 2007. And, acording to theannual
Taulbee Surveyof the Computing Research Associatidor 200%-2008 responding iSchools also hadore
diverse studenénrollment with more balanced racial andender compositignthan did computer science and
computer engineering prograrf@dveben, 208).

We speculate thadne direction for future growtbf the iSchoolswill be throughmergers, particularly
with departments afommunications and mass medidich arealsoexperiencing substantigirowth in research
and education. One example of thiglie recent merger between the College of Information and the Department
of Communications aElorida StateAt the same time athe change expanddorida StateGange ofscholarship
and interdisciplinary collaboration potentighe merger will also displace the school as one ef riost
interdisciplinary due to the redistribution of overall expertise resulting from the infusfoa relatively large

number of faculty with backgrounds in communications and speech disorders.
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Another potential direction for gwth in the Caucusmay bethrough partnership, merger, or simple
expansion into the field qiManagement)nformation Systems. Their research goals and scholarly interests are
generallycompatible with the work of iSchool&llis, Allen, & Wilson, 1999) and several iSchools already
include faculty from this research community.

One third direction for growth and substantiated bjhe new memberaddedto the iCaucus in early
2011, is that when aniSchool faculty memberbecones adeanat a nortiSchool it may subsequently joirthe
iCaucus(such as at the University of British Columpia

We furthernote theofficial name change at Rutgdrem the School of Communication, Information and
Library Studies to the School @@ommunication and Informatioin 2009 reflects asubtle shift in identity,
moving away from the explicit inclusion of library studies to the implicit inclusion of these intellectual traditions
under the more flexible, though ambiguous, label of informa#@nnotedpreviously one observation from the
accumulated datis the percentag of faculty with degrees in the Library area is diminishing while the percentage
of faculty with degree in Information is increasing, generally in the same propdrtigntrendmay have moréo
do with the dynamic nature of the environment in which ifehools operat¢han any change in intellectual
focus the names of degree programs are changing, and new junior faculty hires are more likely to have earn
diplomaslabeled withOinformationO instead of OlibraryO than they were even five ye@ssiite.thechanging
labeb, the focus of these schol@sesearamay still be on issues central to librarianshipurther, the growing
interest in digital humanities and digital curation reflect broad computerization movements that draw heavily ot
and alsqgoropel, library scholarship.

We have examined the effectsf omitting iSchools that are predominately staffed with Cotimgu
faculty. The four iShools affected arehe threemembers of the Computing cluster and one from the Niche
cluster; allmembers of the Computing cluster include an entire computer science department,irtial to
institutional configurations cadministrative decisions rather than an abiding interest in information. This raises a
further issue related to iCaucus membgrsas a very small number of faculty and a Deanmake the decision
to join the iCaucus withoutonsensus from, or even knowledgetbg rest of the school. It is entirely possible

that the majority of faculty aiome of thedlepartmentalizedSchools do not realize that they are members of the
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iSchool community, particularly those in the Computing clustéiis increases thpotentialthat membership
signifies little more thainstitutionalpositioning or perhaps an attempt at tolown organizing of a field despite
appearances to the contraAlthough no iSchools have as yet withdrawn and there has been 50% growth in the
first six years of the iCaucus, over time it would be only natural to see somessahowing their membership to
lapse.

Finally, wechoose to opine othe future of the newhlminted PhDs graduating from the iSchools. While
we are not aware of any reported findings regarding placement trends for graduates of iStdomol&, Gudin,
(2009notd that these graduateeare faring well in theacademigob market, although not all are choosing to
pursue employment in academlais not clear whether thisuccesss due to a surfeit or deficit of options for
graduatesthe academigob marketin the late 200@Chas not provided as many opportunitiesvasuld ordinarily
be expected under better economic conditidigthe same time, the applied and interdisciplinary nature of most
iSchool PhDsO training means that a broader array of options may be available to them.

The data we present makes clear thatheiSchool is sufficiently distinct at this juncture that hiring the
graduates of other iSchools is unlikely to yield a net decrease in actual intellectual diVteedsty. seems that
given enough timeparticularistic hiring practices which unduly favor graduates from within the community
would lead to greater convergence not only in the facultyOs degree names, but also in the actual content of
interdisciplinary heritage, leading toward institutibeation and disciplinarity. Like so many other fields, the
iSchools are likely to produce moRhD graduates thancademic jobsandthe diversity of graduate placement
seems a fair indicator of potential future trends. S&mb graduateend up in policy administration, or private
sector research settingshile some remain in academia.

Although the idea of homogenization of the iSchoatsay provoke mixed reactions within the
community, we note that tee earlyhiring trends suggest that this is anikely outcome for the near future. It
seems more likely that the iSchools will continue to focus faculty recruitment on attracting the most suitabl
candidates for their needs based on the institutional structures of their local environment and tHar particu
interests of their unit. This implies that hiring along disciplinary limesy continueto support programmatic

needs such as professional accreditatpmtentially combined with selection o&ndidates from other iSchools
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who bring unique blends ofxpertise that complement the existing faculty research portfGlbmversely, the
ongoing expansion of the iCaucus also suggests that demand for iSchool PhD graduates will likely increase, w
less concern over traditional disciplinary boundarigéhough many of the faculty with Information degrees
camefrom schools outside of the iCaucus, the increasthénnumber ofinformation degreein the iSchool
faculty from 2007 to 2009 suggests thare isalreadydemand for iSchodPhDs within the community as well.
Future Work

This studysprimary contribufon is an empirical description othe diverse intellectual space of the
iSchools In doing so waelocument one aspect of intellectual diversibany other sources of evidensti®uld be
integrated into future investigatioin addition, & the iSchoolsare a hewphenomenonmuch work remains to
document and better understand the emergence of intellectual community icheintieydisciplinary institutions
Regarding the value of longitudinal insight, it seamsfulto continue assessirtge community compositioto
supportanaly®gs of change over timeCombining these quantitativelyocused analyses with qualitative and
explicitly historical accounts of thiSchools® emergence (e@lson & Grudin 2009) could provide a more
complete picture of the communityOs development, as would incongodatia on job placement for PhD
graduates from iSchoolés new iSchools have continued joining the iCaucus since the data were collected fol
this study(a total of 31 iShoolsat the time of writing) such growth bringsiew elements to examine as the
communitybecomes increasingly international, extending both its intellectual and cultural diversity.
CONCLUSION

The iSchoolserve as a naturally occurring experimefithe creation of interdisciplinary academic units.
While the iSchoolurrently represent a relatively smatd growingintellectual population, some patterns are
emerging with respect to interdisciplinary community development. Computing clearly playge adbin the
community as a wholebut diversity is important as well arttie iSchools includemany vibrant areas of
intellectual activity. The richness and diversity of these broad disciplinary domains make an importan
contribution to the communitgnd scholarshipThe variations we observe between different iSchoolsO intellectual
composition seem to be related to local logics that, over time, have guided hiring tindingdtial schoolsO

needs. From this, we infer that these local arrangementaaeeimportant to hiring decisions thanany sense
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of shared community identityVe also note that this local logics perspects/eonsistent with the findings of
prior research on the emergence of interdisciplinary academic enddeypr&Gioia & Thomas 1996; Small
1999)

Thedata andindingsreported heraeflect only a brief history of community developmenhe outlook
at this time suggests that the iSchools will likely find valuable sources of fresh perspectives by pursuing ne
intellectual aras for growth, while continuing to cherish the important contributions of the traditional domains
upon which they are building their successes.
Notes:
1. Portions of this paper were first presented at the 2010 iConfelfecthank the members of the audiersed

our anonymous revieweras their omments and questions have helped us extend the anahgsidiscussion
presentedHowever the current material is solely our responsibility.
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Tables & Figures

Table 1: Classification of disciplinary areas for the 2009 iCaucus.

Area N (%) Component Areas
Computing 233 (30%) | Computer Science, Electrical Engineering, Mathematics
Information 88 (11%) | Information Science, Information Studies, Information Transfer,
Communication Information and Library Studies
Library 79 (10%) | Library Science, Information and Library Science, Library and Information
Science
Social & 78 (10%) | Psychology, Sociology, Social Sciences
Behavioral
Management & 70 (9%) | Business, Maagement, Policy, Economics
Policy
Science & 69 (9%) | Life Sciences, Physical Sciences, Statistics, Engineering (not electrical)
Engineering
Education 58 (8%) | Education
Humanities 54 (7%) | History, Philosophy, Literature, Multi & Interdisciplinary Studies
Communication, 40 (5%) | Communication
Table 2: iSchools’' intellectual demographics in 2009.
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Computing 233] 30% |39%|10%)| 27%| 8% | 79%|59%| 9% |28%)| 16%| 4% | 70%| 3% |75%| 2% | 7% | 11%| 24%| 12%| 9% | 16%|16%
Information 88 | 11% 19%)| 12%| 1% | 3% | 17%| 24%]| 11%| 19% 22%)| 2% | 2% | 27%| 39%| 11%| 28%)| 18%]| 28%| 23%
Library 79 | 10% [11% 12%)|27% 2% |22%]| 10% 4% 9% 8% | 30%)| 11%| 11%]| 48%| 36%)| 16%|29%
Social & 78 | 10% [22%)|17%|12%)| 8% | 1% | 5% | 22%)| 10%]| 16%| 17% 16%)| 6% | 19%)| 13%]| 11%|16% 5% 7%
Behavioral
Management &| 70 | 9% |17%|61%| 8% |12% 21% 20%)|34% 2% 6% [21% 5% 10%
Policy
Science & 69| 9% |6% | 2% | 8% | 8% |12%|21% 21%)| 24%| 6% | 10%]| 3% |18%| 2% 3% | 8% 4% | 7%
Engineering
Education 58| 8% 2% | 4% | 8% | 4% | 2% | 13%| 3% | 5% | 4% 6% 51% 11%)| 3% | 4% 4% | 3%
Humanities B4 | 7% | 6% | 7% | 8% |12%| 4% | 7% | 17%)| 3% | 3% | 4% 10%)| 20%]| 11%|11% 18%)| 24%| 3%
Communication] 40 | 5% 4% [23% 2% 5% |41% 6% 6% | 3% 3% 9% | 8% | 3%
Total 769/100%| 18 | 41|26 | 26[ 84| 61| 23|29 38|48 29|32|67|67|30|18|38|25|22|25]|31
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Table 3:

Community composition without Computing outliers.

Area of Study Full Community, Under 66% Computingl Under 50% Computing
N=769 N=598 N=537
Computing 233 (30%) 103 (17%) 67 (12%)
Information 88 (11%) 86 (14%) 84 (16%)
Library 79 (10%) 79 (13%) 78 (15%)
Social & Behavioral 78 (10%) 73 (12%) 70 (13%)
Management &olicy 70 (9%) 66 (11%) 66 (12%)
Science & Engineering 69 (9%) 45 (8%) 32 (6%)
Education 58 (8%) 55 (9%) 54 (10%)
Humanities 54 (7%) 51 (9%) 47 (9%)
Communication 40 (5%) 40 (7%) 39 (7%)

Table 4: Inductively generated clustering heuristics.

Cluster

Heuristic

Computational

over10%

60% to80% GComputing withScience &Engineeringasonly additional area

Library & Information

More than 50% Library, Information, and Humanities together

Library: Library + Information + Humanities > 70%

Information 70% >Library + Information + Humanities > 50%

Sociotechnical

24% to 409%Computing with3+ additionakocial science aredSocial &
Behavioral Management &olicy, Library, Information)but nomore than
34% from combined Library andiformation areas

Niche Dominant areas are not strongly represented elsewhere, or combines str
areas (e.gComputing) with unique set of secondary fields

Table S: Interdisciplinarity, measured with information entropy scores.

School Entropy Number Number of Undergraduate | Cluster
(z-score) of faculty | areas of study Program

FSU 1.23 27 9 Y Information
Drexel 1.13 26 9 Y Sociotechnical
U Michigan 1.00 32 9 Y* Sociotechnical
Washington 0.86 38 9 Y Information
Penn State 0.84 39 8 Y Niche
Syracuse 0.54 32 8 Y Niche
Indiana SLIS 0.48 23 6 N Information
Maryland 0.47 21 7 N Information

27




Toronto 0.47 27 7 N Information
Pittsburgh 0.42 31 7 Y Sociotechnical
TexasAustin 0.36 22 7 N Library
Rutgers 0.30 48 8 Y Niche

Illinois 0.10 30 6 N Library
Berkeley 0.01 22 6 N Sociotechnical
UCLA -0.12 67 9 N Niche

North Carolina -0.67 26 5 Y Library
Indiana Info -0.70 63 8 Y Computing
Carnegie Mellon -0.90 46 6 N Niche
Singapore -1.91 20 3 Y Niche
Georgia Tech -1.95 85 6 Y Computing
Irvine -2.02 67 4 Y Computing

*MichiganOs undergraduate program iswolly managed by the iSchoand isoperated as a partnership with
another large college on campus
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Figure 1: Change in number of faculty from 2007 — 2009. Asterisk indicates dean change.
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Figure 2: Computational science cluster composition.
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Figure 3: Sociotechnical cluster composition.
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